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Tab. 1 Expected output and its implications for the BP
network prediction model
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Tab.2 Model input and output of BP neural network study procedure
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Tab.3 Model output and evaluation result of BP neural network prediction procedure
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Tab.4 Model output and evaluation result of BP neural network prediction procedure (small increment of ¢; is used)
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Precision estimation of BP neural network and its application
in ocean oil and gas resources prediction
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Abstract: Based on an intensive analysis of the back-propagation (BP) algorithm, we use the accuracy estimation
method for surveying error data processing and the error theory to estimate the precision of a BP neural network.
We calculate the mean square errors of the output layer in the learning and prediction processes of the BP neural
network, respectively, to evaluate the accuracy of the neural network model. Lastly, taking ocean oil and gas re-
sources prediction as an example, we use measured data to establish a BP neural network prediction model and
calculate the precision of the learning and prediction processes of the BP neural network. The results indicate that
the proposed precision analysis can provide an effective reference for the optical design of the BP network structure

and provide scientific basis for improving the applicability of the neural network model.
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