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Tab.1 Experimental results of original feature st (60 feature vectors)
(%)
38 0 0 2 0 0 0 10 76
1 34 0 4 3 0 8 68
0 0 33 0 7 2 0 8 66
2 0 0 35 0 5 0 70
0 2 3 0 34 4 0 68
0 2 0 3 2 32 0 10 64
0 0 0 0 0 0 42 8 84
4 3 0 2 3 1 5 32 64
(%) 70
2 (23 )
Tab.2 Experimental results of suppressed feature set (23 feature vectors)
(%)
41 0 0 2 0 0 0 7 82
0 38 0 0 4 4 0 6 76
0 1 37 0 4 2 0 6 74
3 0 0 37 0 1 0 9 74
0 0 5 0 39 1 0 5 78
0 0 2 0 3 36 0 9 72
0 0 0 0 0 0 47 3 94
2 1 0 2 0 5 39 78
(% 78.5
1 2 )
’ R\\\‘ ‘ .:-y >
78.5%, J‘?
70 % , , h
3-2
3
3 Fig.3 Theimagesof different sdes of copepod
31. ;32
' 3-1. Sde view image of copepod; 3-2. Top view image of copepod
94 % 3 o pep! P ag pep!
: 5
, 3
' Gabor ,
’ 78.5% ,

70% 80 % ’
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Abstract : inthis paper , a method for the auto-identification of plankton images based on the combination
of Principle Component Analyssand Support Vector Machinefor contoured shape and Gabor texture classfica
tion is proposed. Seven speciesof algae and planktons sampled around Jiaozhou Bay were tested and it is shown
that an overall 78.5 % of classification accuracy is achieved with a reduced feature set based on Principle Conmr
ponent Analyss. The results showed that the image process system has potential to act as an eficient approach
to mapping plankton populationsin real time at open sea.
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